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Abstract: Rockburst is one of the most important geologic hazards. To solve the problem of classification and prediction of rockburst,
the main factors of rockburst occurred and the effective classification methods should be considered., A new method is proposed
based on combination of artificial neural networks (ANN) classifiers as weak classifiers by using AdaBoost algorithm in data mining.
The AdaBoost-ANN models are established. Overcoming the instability of single classifier, the models can give more accurate and
stable classification for the novel conditions. The results show that this method is reliable, constrictive and promising.
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Table 1 Data set of samples

%5 oy MPa /0. /0 We

—
=
—
=
=
—
=
—

1 48.75 0.271 21.7 5 0 1 0 0
2 75 0.417 21.7 5 0 1 0 0
3 62.5 0.357 24 5 0 1 0 0
4 50 0.385 21.7 5 0 1 0 0
5 80 0.444 26.9 55 0 0 1 0
6 57 0.317 21.7 5 0 1 0 0
7 60 0.3 20.4 5 0 0 1 0
8 89 0.377 28.4 5 1 0 0 0
9 108.4 0.774 17.5 55 1 0 0 0
10 90 0.409 29.7 7.3 0 0 1 0
11 30 0.338 24 6.6 0 1 0 0
12 18.8 0.105 31.2 7.4 0 0 0 1
13 90 0.529 15 9 0 1 0 0
14 62.6 0.379 17.6 9 0 0 1 0
15 11 0.096 23 5.7 0 0 0 1
16 434 0.353 20.5 5 0 0 1 0
17 554 0.315 24.1 9.3 0 1 0 0
18 98.6 0.822 17.6 3.8 0 1 0 0
19 34 0.227 278 7.8 0 0 0 1
20 48 0.4 80 5.8 0 1 0 0
21 495 0.45 73.3 5.7 0 1 0 0
22 63 0.548 76.7 5.7 0 1 0 0
23 56.1 0.43 1398 7.44 0 1 0 0
24 60.7 0.54 1419  6.16 1 0 0 0
25 542 0.40 1474 7.08 0 1 0 0
26 70.3 0.55 1472 643 0 1 0 0
27 * 0.45 18 5 0 0 1 0
28 * 0.25 20.8 3.8 0 0 0 1
29 * 0.15 20.8 3.8 0 0 0 1
30 * 0.15 14.1 1.3 0 0 0 1
31 * 0.3 14.1 1.3 0 0 0 1
32 * 0.65 14.1 1.3 0 0 0 1
33 * 0.8 10 6 1 0 0 0
34 * 0.7 14.5 5 1 0 0 0
35 * 0.6 206  4.25 0 1 0 0
36 * 0.5 26.7 3.5 0 1 0 0
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in two sets of rockburst samples respectively
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